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A Study On Agriculture Commodities Price
Prediction and Forecasting

Hybrid STL-ELM method forecasting, The mterval forecastdng
of prices is required.
13 Eoki Yamamoto et al, Peferance [26] 2018 Tempsramre sensors and BPMM | This model | Only Temperature is considered.
calculates
harvest days and
vield of
fomatoes.  Also
predict the
harvest ima.
14 Gerazimes Rigatos etal | Beference [27] 2018 Schwariz PDE and Kalman Forecasting To get the morTe accuracy o
filtering. commaodities estimation, redesigning the Ealman
prices filter as a m-step ahead predictor is
required
15 Tuchen Weng et al Biefarence [28] 2019 APTNA  Back Propagation | Prce forecasting | By considenng the sodial factors
network method, and BRI, liks holidays, festivals. polices atc.
Data collection - web crawler it is possible to improve BN
technolagy model.  While traiming  the
Ccomputation  system,  parallel
learning can be applied.
16 A=ma Hazifs | Reference [20] 2019 Support Vector  Machine, | Prce Prediction | Only 3 years weather dafa nsed
Murcabyonoe et al. Optimized Adaptive MWeuro- | of Chili
Fuzzy Inference Sysiem.
17 Diabin Zhang et al Raference [30] 2020 Artificial neural network, Forecasting To improve the classification
Support vector regression and | agriculfural capability, AdaBoost and Bavesian
Exmeme Leaming Machine | commodicy networks conld be nsed.
Minimre Fedundancy and | prices
Mawimum Belevance approach
was nsad.
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Proceedings of the 11th Annual International Conference on Industrial Engineering and Operations MNManagement

Agricultural Price Prediction Models:

A Systematic Literature Review

Fajar Delli Wihartiko

Department of Computer Science, ITPB University. Indonesia
Departiment of Computer Science, Universitas Pakuan, Indonesia
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Ref. No 5 :IHIIT . gDmL : ?h E::t ] Description
1 | (Brown & Rogers, 2006) . . . The pnce simulation uses the concept of
data mining on agncultural products
2 | (Shih et al.. 2000) . . . Price prediction of chicken with CBE.
3 | Liaetal 20100 . . . Ere pnce predichion with regression
4 | (Kana & Bujang, 2011) | . & | Oil pnce predichion using ARMA and NN
5| (G qlong Lietal, . . . The pnce prediction model uses regression
2012) for animal-based food products.
6 | (Zong & Zhu, 2012) . . . Price prediction of agneultural production
with sray prediction
7 | (Nasira & Hemageetha, . . . A data mmming approach to price
2012) predictions for vegetables
8 | (Ahumada etal., . . & | Development of a stochastic model based
2012) on distnbution and production for
commodity tomatoes.
0| (Z mmmLietal, . . . Weekly egg pnce predichion with neural
2013) network
10 | (Kauretal, 2014) . . . The concept of data mimng for predichion
of agnicultural prices
11 | (Shivam Gupta et al., . . # | The pnce prediction model nses Stochastic
2017) Dynamic Programming in nce
commodities
12 | (Mahda & Patel, . . . Data mmmg techmques for predicting
2018) vegetable prnices
13 | (D. Zhang et al, 2018) . . & | Prediction of soybean prices with Neural
Network
14 | (Y. Zhang & Na, 2018) | e . . Price prediction uses fuzzy milk, meat,
cereals
SRR ol ol (5 5990 [ b
a‘r ; ‘\;o’ Sasglisoler &l 3g '!‘!'3
TN ] a- AL b: Regression, ¢ Data mining. d: Others, e: Stochastic Model, £ Dynamic Model; g: time series, h: nonfime sefies. ..ge
gS))SL“‘f‘_;}’ y i Agricultural Food Products. j: Plant-based Food Product. k- Animal Food Products, 1: specific food products. 3l
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No Ref. No — Description
| d g |bh|1|] |k
15 | (Widodo etal., 2018) . . Multi period price prediction model for
local fnut based on SCM
16 | (Vohraetal., 2019) - Price prediction of nice, chili & wheat
using price averages
17 | (J. Wang et al., 2019} . Use ofbee colony for prediction of maize
prices.
18 | (Kynazietal. 2019) - - Prediction of agncultural product prices
by adaptive leaming.
19 | (Kadlimatti & Saboji, . - . Agrienltural price prediction with data
2019 mining
0| (Wamnetal 20199 - ™ - Use of the M1 technigue to solve the
agricultural price problem
21 | (Deepalakshmi et al . . Development of statistical price prediction
2019) methods for potato and carrot products
2 (Hasan et al., 2020) - Comparison of NIV performance with
other algonthms on onion price
predictions
23 | (Sarthak Gupta et al., - - Comparison of the performance of the
20200 Lagrange interpelation method with other
algomthms at the lowest selling pnice
recommendation from the Indian
government for ree products
2 | (H. Lietal,k 20200 ™ . Comparison of the performance of the DP-
MEALS methed for soybean price
predictions
25 | (Yuan & Ling, 2020) - . Comparison of LSTM performance for
prediction of tomato, chicken and chili
prices
26 | (Sabu & Kumar, - Comparison of LSTM performance for
20200 betel mut price predictions
27 | (Mukhlisin et al., . Comparison of the performance of the
2020 EININ regression for the prediction of the
national rice price
e Note:

% a- AL b: Regression, ¢ Data mining, d: Others, e: Stochastic Model, £ Dynamic Model; g: time series, h: nontime series:
OL@? 1. Agricultural Food Products, j: Plant-based Food Product, k2 Amimal Food Products, 1- specific food products..

by drwgd 9 (85 y9Ls SLaiBl

‘v

APERDRI



International Journal of Computer Applications (0975 — 8887)
Volume 99— No_ 12, August 2014

Data Mining in Agriculture on Crop Price Prediction:
Techniques and Applications

Manpreet Kaur Heena Gulati Harish Kundra

European Review of Agricultural Economics Vol 47 (3) (2020) pp. 849-892
doi:10.1093/erae/jbz033
Advance Access Publication 21 August 2019

Mlachine learning in agricultural and
applied economics

Hugo Storm ¥, Kathy Baylis’ and Thomas Heckelei’ Inte”'gent Data Mlnlng
32 July. 2018 Int J Agric & Biol Eng Open Access at https-//www _ijabe org Vol 11 No4 and FUSion SyStemS
in Agriculture

Deep learning for smart agriculture: Concepts, tools, applications,
and opportunities

Nanyang Zhu'?, Xu Liu'?, Zigian Liu?. Kai Hu'”, Yingkuan Wang®, Jinglu Tan®. Min Huang’.

2017 International Conference on Electrical. Electronics, Commumnication, Computer and Optimization Techniques (ICEECCOT)

A Study on Various Data Mining Techniques for
Crop Yield Prediction

Yogesh Gandge Sandhya

Department of Master of Computer Applications Department of Studies in Computer Applications O')?.‘ ts‘y"“ So9602
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Computers and Electronics in Agriculture 177 (2020) 105709

Contents lists available at ScienceDirect

Computers and Electronics in Agriculture

journal homepage: www.elsevier.com/locate/compag

Crop yield prediction using machine learning: A systematic literature review )
Gl

Thomas van Klompenburg?®, Ayalew Kassahun®, Cagatay Catal®~

Computers and Electronics in Agriculture 155 (2018) 257282

Contents lists available at ScienceDirect

Computers and Electronics in Agriculture

journal homepage: www. elsevier.com/flocate/compag

Rewview
Forecasting vield by integrating agrarian factors and machine learning )
models: A survey it
Dhivya Elavarasan®, Durai Raj Vincent®, Vishal Sharma®, Albert Y. Zomaya“©,
Kathiravan Srinivasan®™ ™~
= School of Information Technology and Engineering. Vellore Institure of Technology, Vellore, India
® Deparament of Informaiion Securicy Engineering Soonchuniyang Universicy. Asan-si. Souch Korea
< School of Information Technologies, The University of Sydney. Sydney. NSW, Aussralia
2015 International Conferernce on Advarices in Computer Engineering and Applications (FCACEA)
IALS Engineering College, Ghaziabad, Irndia
Rainfall Forecasting Using Neural Network: A
Survey
Fral L=RLUEN ST o -2l Journal of Water and Climate Change | 112
O Tl Drought forecasting: A review of modelling approaches fuf St
- ) .
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July, 2018 Int J Agric & Biol Eng Open Access at https://www.ijabe.org

Vol. 11 No.4

Deep learning for smart agriculture: Concepts, tools, applications,

and opportunities

Nanyang Zhu®?. Xu Liu'% Zigian Liu'?, Kai Hu'? Yingkuan Wang’, Jinglu Tan*. Min Huang®.
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Descriptive Statistics Tests of Normality
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dicting pricesaf, regression, gaussian distribution, Quadratic loss, 2,751 weights/biases, 36.7 KB, 2,300 t
ut L1l L2 Mean Rate Rate RME Momentum Mszan Weight Weight RME Mean Bias Bias RMS

&

% 0.000010 0.00Q0000 ©0.013152 0.014833 0.000000 0.022261 0.194128 0.500240 0.013793
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0.00 %
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Turation Training Spes=sd

regression, gausaian distribution,

o olyaey Sl ped e b oold b daos aSl Joo s

Quadratic losa, 2,751 weights/biases,

36.7 KB, 2

L2 Mean Rate Rate RME Momentum Mean Weight Weight RME Mean Bias Bias RMS

Epochs Iterations

0.015507 0.021955 0.000000
0.059378 0.123401 0.000000
0.002495 0.002049 0.000000

Samples

0.500BEB D.013&87
0.997401 0.01B475

0.022436 0.192387
-0.0008563 0.13B252
0.020175 0.2047432 -0.009229 0.000000

Training MSE Training Deviance Training R™2

0.000 sec 0.00000 o 0.000000 NalN NaN Nal
0.018 sec 19166 rows/sec 1.00000 1 230.000000 16955352.34710 16955352 .34710 0.96629
0.034 s=c 18400 rows/ssc 2.00000 2 4g0.000000 15424069.46925 15424059 .46925 0.96933
0.050 sec 18157 rows/sec 3.00000 3 &90.000000 1333E530.182B4 13338530.18284 0.97348
0.065 sec 18039 rows/sec 4.00000 4  920.000000 16221226.20211 16221226.20211 0.987T5
0.078 sec 17968 rows/sec 5.00000 5 1150.000000 11049527.22206 11049527 .22206 0.97B03
0.100 sec 16626 rows/sec &.00000 6 1380.000000 9363661.17983 9363661.17993 0.98138
0.123 sec 15631 rows/ssc 7.00000 7 1&£10.000000 1589&6460.74831 15895460 .74831 0.96B839
0.140 sec 15862 rows/sec B.00000 B 1E40.000000 114B1560.956490 11481560 .96490 0.397717
0.156 sec 15923 rows/sec 9.00000 9 2070.000000 TETD428.75573 7870428 .75573 0.98435
0.173 sec 15862 rows/sec 10.00000 10 2300.000000 S729058.82441 9729058 . 82441 0.98066
0.177 sec 15646 rows/sec 10.00000 10 2300.000000 TETD428.75573 78470428 .75573 0.98435
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Clipboard Font Alignment Number Styles Cells Editing
M10 - fe v
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1] ey a8 4 il o = Jss Ja 8 () 505 208 oy s 5 2em 30 gt M
2 52 SAFOR99 90358 0 1399/01/02 71 SAFOR99 91031 -0.7 1399/01/24
3 53 SAFOR99 90358 0 1399/01/03 72 SAFOR99 89772 -1.38 1399/01/25
4 54 SAFOR99 90358 0 1399/01/04 73 SAFOR99 89978 0.23 1399/01/26
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